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Appendix 
Dataset information:
The dataset used in this study is a fundamental component of deep learning. The quality and comprehensiveness of this dataset are critical for the success of deep learning models, as it leads to more precise model training, better convergence, and reduced bias.
 
Dataset source:
In this investigation, an expansive and highly specialized dataset comprising approximately 1100 data points was acquired. This dataset was meticulously compiled from existing technical literature sources, with its origins rooted in real-world tests conducted in the field of concrete engineering.
 
Dataset variables and units:
The dataset consists of essential input variables, each measured with specific units, that play a significant role in predicting concrete properties. These variables include:
· For predicting compressive strength:
1) Water (kg/m³)
2) Cement (kg/m³)
3) Slag (kg/m³)
4) Fly ash (kg/m³)
5) Silica fume (kg/m³)
6) Fine aggregate (kg/m³)
7) Coarse aggregate (kg/m³)
8) Superplasticizer (kg/m³)
9) Fresh density (kg/m³)
10) Compressive strength test age (d)
 
· For predicting Chloride Migration Coefficient (Dnssm):
1) Water (kg/m³)
2) Cement (kg/m³)
3) Slag (kg/m³)
4) Fly ash (kg/m³)
5) Silica fume (kg/m³)
6) Fine aggregate (kg/m³)
7) Coarse aggregate (kg/m³)
8) Superplasticizer (kg/m³)
9) Fresh density (kg/m³)
10) Compressive strength test age (d)
11) Compressive strength (MPa)
12) Migration test age (d) 
 
 
Predictive focus:
The primary objective of this dataset is to predict the non-steady state chloride migration coefficient (Dnssm), a critical parameter related to the durability of concrete structures, as well as the compressive strength of concrete. The comprehensiveness and special nature of this dataset ensure the reliability and suitability of these predictions for deep learning.
 
Data Quality and Completion:
To enhance the dataset’s quality and completeness, we meticulously addressed missing data points using artificial neural networks (ANN). The results demonstrate the creation of a comprehensive dataset, ideal for deep learning analysis. References for the data sources are provided in the paper.

