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Abstract A novel measurement method of temperature
model for bioreactor has been proposed. Temperature is the
key parameter in monitoring the bioreactor operation.
However, the system input signal of bioreactor is delayed,
and model parameters are uncertain, so the output of
temperature is non-steady-state. Many dynamic measure-
ments are not steady so that it cannot be described by
variables constant in time. In this paper, we adopt the
monopulse signal as input so that the output of the
bioreactor system is steady. This method has a powerful
ability to steady the output of the bioreactor. In view of the
measurement results, it can be seen that the model dynamic
measurement approaches the real process. The analytical
expression of the monopulse response for the temperature
model of the bioreactor is obtained. The novel measure-
ment approach is simple and can be easily adopted by
industry.

Keywords measurement method, temperature model,
monopulse response, time-variant, bioreactor

1 Introduction

Many dynamic measurements are not stationary and
cannot be described by variables constant in time. Rather,
they are made in a transient state defined by a substantial
variation of the level of excitation of the system. Sharp,
irregular or rapidly varying details of the output as well as
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its maxima/minima are often difficult to measure accu-
rately. Nevertheless, detecting such transient and complex
features is usually the primary reason for making a
dynamic experiment [1]. The control of bioreactors was
restricted to the regulation of variables, such as tempera-
ture and potential hydrogen (pH), for optimizing the
microbial growth [2]. These were the ideal variables to
control since they often have negligible perturbations [3,4].
However, in many practical control applications, a
mathematical description of the bioreactor is not available,
and a controller has to be designed on the basis of
measurements.

The availability of continuous information on the
essential variables of a process allows one to monitor
and operate the process effectively. However, in many
cases, such process variables cannot be measured or are
measured at infrequent and/or irregular times and with
significant time delays. This measurement problem is a
consequence of the inadequacy of available sensors or
operational limitations/concerns, such as the higher
possibility of the contamination of the media in bioreactors
when more samples are taken for off-line analysis. The
measurement of temperature is of considerable interest [5].
Many techniques are based on different sensitivities to
temperature or combining different types of sensors.
Temperature measurement of bioreactors is to maintain
the process outputs close to their desired values in the
presence of various uncertainties, including external
disturbances and time-varying parameters [6]. In the
absence of frequent measurements of the essential
variables, continuous estimates of these variables can be
obtained from available frequent and/or infrequent meas-
urements by a model of the process under consideration.
Examples of measurements are those of temperature,
pressure, dissolved oxygen concentration, and density that
are usually available at high sampling rates and with
almost no delays. A paper describes the design and
implementation of a multi-rate nonlinear state observer [7]
to estimate a parameter and the state variables of a batch
biochemical reactor.
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Many investigations related to the effect of temperature
on anaerobic digestion show a very strong negative effect
on the metabolic activity of the anaerobic microorganisms
with temperature decrease [8] because like other biological
processes, anaerobic digestion depends strongly on
temperature. Generally speaking, the higher the tempera-
ture leads, the higher the microbial activity up to an
optimum temperature [9]. The effect of temperature on
biological activity is related to cell retention time in the
digesters which should be superior at decreasing tempera-
ture. Although anaerobic microorganisms can be accli-
mated to operation temperatures outside the optimum
range, biomass activity and digester performance may be
adversely affected [10].

Presently, some methods are presented in the measure-
ment system [11-15]. In Ref. [11], a model was presented,
which was based on frequency response approach for
thermal radiation microsensors. A basic model for the
prediction of the dynamic response of complex pneumatic
line systems is presented in Ref. [12], which is able to
reproduce the physics of the problem correctly and deal
with any complex network of lines and cavities. In Ref.
[13], a novel method is proposed for evaluating the
uncertainty associated with the output of a discrete-time
infinite impulse response (IIR) filter when the input signal
is corrupted by additive noise, and the filter coefficients are
uncertain. A method is presented how the principle-related
response time of temperature-modulated direct thermo-
electric gas sensors can be reduced [14]. In Ref. [15], a
sensing scheme is used to measure temperature and strain
simultaneously by multiplexing a section of the multimode
fiber. Because temperature strongly affects the rate of
conversion processes, some essential improvements are
required in conventional temperature measurement to
enable application at sub-optimal temperatures [9].

In this paper, a novel measurement method is developed
to determine the temperature model of the bioreactor. The
measurement method uses monopulse response when the
input signal is delayed and model parameters are uncertain.
The output of the temperature measurement system is non-
steady-state. A method based on monopulse input will be
utilized to the unsteady process. We adopt the monopulse
signal as input so that the output of the process is steady.
The analytical expression for the monopulse response of
the temperature model is obtained. The main objective of
this paper is to show the derivation of the temperature
model of the bioreactor. Finally, simulation results are
given to show the effectiveness of the measurement
method. The novel method given in this paper is simple
and can be easily adopted by industry.

2 Structures of bioreactor

The temperature model of the bioreactor used in this paper
was originally studied in our laboratory. Basically, a

bioreactor is a tank in which several biological reactions
occur simultaneously in a liquid medium. To provide
suitable conditions for growth and production, it is
common to monitor and control the essential cultivation
variables, as shown in Fig. 1, where T; and T are the sheath
and tank temperature, respectively. As shown in Fig. 1, we
can see that the range of 7 is from 0°C to 100°C; if 50°C
< T < 100°C, the heater operates; if 0°C < T'< 50°C, the
valve of cooling water opens and the heater stops; if 7=
50°C, the valve of cooling water closes and the heater
stops. The dissolved temperature is the variable that is
normally measured on-line.

heater

50C-1007C

0C-50C

T fermenter T
cooling

Fig. 1 Control scheme of bioreactor temperature process

In this section, a mathematical model describes the
temperature of the bioreactor as follows:

d T o _al(T_Z}) + 0 U (1)
dt| 7| | a(T-T) +as(To-T;) o
Y =T, 2)

where T is the sheath temperature; 7 is the temperature of
the tank-side; T, is the room temperature; Y is the output;
U is the input; a;, a,, and a3 are the thermal conductivity
coefficients of the tank from inner to external, respectively.
Because a; and a; are the thermal conductivity coefficients
of the reactant in the tank from inner to external, a; = a»;
thus, Egs. (1) and (2) can be written as

T(s) = 4

= L) G)

(s +ay +a3)Ti(s) = a;T(s) + U(s) + asTp,  (4)

where s is an s-function.
Under the condition of neglecting the loss of thermal,
a3 =0. Combining Egs. (3) and (4), T(s) can be described as

_ alU(S) _ Km
Tls) = 24+ 2a;s $(Ts + 1)U(S)’ )
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. . 1 S
where K, is a coefficient, and T, = S Considering the
a
time delay, Eq. (5) can be simply described as

Klnefl‘m
S(Tus + 1)

where L, is the time delay.

I(s) = U(s), (6)

3 Model dynamic measurement

A model of the measurement can be determined by
parametric system identification of a calibration experi-
ment. Here, a complete dynamic model and its uncertainty
are defined in Eq. (6). All aspects of dynamic character-
ization and system identification will thus be excluded.
However, the temperature model expressed as in Eq. (6) is
integrating the process with the time delay. The transfer
function has one or more poles in the imaginary axes of the
complex plane. The output of the temperature measure-
ment system is non-steady-state. We adopt the monopulse
signal as input so that the output of the process is steady.

For the temperature model which is described in Eq. (6),
we adopt the monopulse signal as input, so the output
response of the temperature process of the bioreactor can
be presented as follows:

_ Km —Lys

In zero initial state, applying the inverse Laplace
transformation to the output response of Eq. (7), an
algebraic equation in the transform variable ¢ is obtained:

T (1) 4+ (1

Equation (8) can be represented as follows:

t)—l—ftoy(r =K, ff u(r —

We adopt the monopulse signal as input so that the
output of the process is steady. The monopulse signal can
be described as

= Kpu(t—Ly). (8)

m)dride. (9)

u(t) = h[1(¢) - 1(t - Ty)], (10)
where

o) = 0, ifr<O, "

0= 1, ifr=0; (1

h is the monopulse amplitude; 7y is the monopulse
duration. The monopulse signal can be expressed as

Jo gt

m)dzdr

0, 0<t<L,,

1
_ E(thm)zh, Lo <t <Ly+Ty,

(12)

%Tgh + Tyth—TyLpnh, =Ly, + Ty

Obviously, Eq. (12) is a piecewise continuous function.
For finding the delay, the model of measurement
temperature can be determined by parametric system
identification of the third expression of Eq. (12).
Substituting the third expression of Eq. (12) into Eq. (9),
the following equation can be obtained:

1Ky, o, Kn K
_7T f rf——Tthr Tdetth—deLmh
—{J})y(r)dr, f—Tdh—f—Tdth Tdh}
1 K, K.L.1"T
=, Zm Zmim (13)
Tw Tw Tn

g [ L K Kl
T, T, T, |’
(14)
and
{ v = [p(t).0(t2),-..0(ty)]", 15)
r= b’y(tl)ay(tZ)’""y(tN)}T’
where t;, i=1,2,...,N, and Ly, + Ta <ty <t, < -+ - <ty

Combining Eqgs. (14) and (15), we can get the following
form:

' =y, (16)

where column vector groups of y are independent. Thus,

yly is a nonsingular matrix. Applying the least-squares
method to the matrix, we can deduce the equation as follows:

0= (y"y) 'y'T. (17)

To simplify the operation, we can obtain K, by steady-
state output y(co) of the process. Adopting monopulse
signal as input, when the process reaches steady state, the
terminal value theorem of the process can be presented as

¥(00) = y(0)

(18)
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where y(0) is the steady-state value of the process without
the input monopulse signal. Thus, K, can be presented as
follows:

$(00) ~3(0)

K fg
m Tyh

(19)
Thus, Eq. (14) can be represented as

t 1
¢T([) = [—foy(f)dT_EKngh +Kdeth, —Kdeh .

1
T |
0= |

(20)

Thus, model parameters can be written in the following
form:

" 7(00)—3(0) ]
Tih
K, d
1
T, | = _ . 21
G (21)
L6

In the practical process control, it is difficult to avoid
measurement noise [16]. Thus, we cannot obtain the
consistent estimation of the system parameter by Eq. (17).
To solve the problem, we adopt the instrument variable
method. The instrument variable can be presented as follows:

— 1 -
— 1
4
1
— 1
A= |0 22)
1
— 1
Lty

Thus, the consistent estimation of the system parameter

can be obtained by the follow equation:

0 = (ATy) 'ATT. (23)

The consistent estimation of the model parameters of

continuous systems with dead time has been proved in Ref.

[17]. Similarly, we can obtain the consistent estimation of
system parameters by Eq. (23).

4 Simulations

Simulations are performed to examine the performance of
the proposed model dynamic measurement. Figures 2 and
3 show the model dynamic measurement result for a higher

221

order integrating process with time delay which is
generally applied in industrial and chemical practice.
Consider the process P(s) presented as

0.0le s
(10s +1)(3s + 1)

Under the white Gaussian noise with maximum
amplitude 0.05 and 0.1, respectively, we can obtain the
measurement result using the least-squares method.
Respectively, the measurement results can be written in
the following form:

P(s) = 24)

Model 1
0.0086e715.1621s
P = 25
) = 2152675 1 1) 25)
Model 2
0'0926f14.8739s
Paa(s) = o e (26)
5(22.5916s + 1)
14r
12t s b AR
1.0 |
08} __
E o6l g T e
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Fig. 2 Measurement result when amplitude of white Gaussian
noise is 0.05
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Fig. 3 Measurement result when amplitude of white Gaussian
noise is 0.1
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In the frequency domain, the Nyquist curves of the
model measurement and exact process are shown in Fig. 4
under the different white Gaussian noises.

=0.1F

—— exact process
----- obtained model 1
----- obtained model 2

axis

-0.2}

=0.3F

imaginary

=04 F

=0.10 =0.05 0.00

real axis

-0.20 -0.15

Fig. 4 Nyquist curves of model dynamic measurement and exact
process

From Figs. 2—4, it can be seen that the model dynamic
measurement approaches the real process. The effect of the
maximum amplitude of white Gaussian noise can be
neglected for the model dynamic measurement.

To obtain the temperature model of the bioreactor, in
normal state, the result of temperature model dynamic
measurement based on monopulse response is shown in
Fig. 5. It can be seen that the temperature model parameters
K,,=0.0006, T,,=134.5, and L,,=12.1, so the tempera-
ture model of the bioreactor can be written as

0.0006

— 6712.13‘
(13455 + 1)

P (s) @7

From Fig. 5, it can be seen that the model output
approaches the real process output. Thus, the model
measurement results represent the real temperature model
of the bioreactor.

Under proportion integration differentiation (PID) con-
trol, Fig. 6 describes the elimination of the steady-state
error of the bioreactor process operation with 500-mL cold
water injection at r=1200s, where PV is the process

45 e
Sp

temperature/ C
&

1000 1500

time/s

(a)

0 500

— real process output
----- maodel output

temperature/ 'C

0 500 1000 1500

time/s

Fig. 5 Temperature model dynamic measurement for bioreactor
(in normal state)

variable, and SP is the set point. The temperature comes to
a steady state. From Fig. 6, the performance of temperature
shows that the system has been successfully controlled to
the set point.

5 Conclusions

In this paper, a novel measurement method of the
temperature model for the bioreactor has been proposed.
The output of the temperature measurement system of the
bioreactor is non-steady-state. When the input signal is
delayed and the model parameters of the bioreactor are
uncertain, the novel model dynamic measurement method
based on monopulse input will be utilized to the bioreactor.
Using the least-squares method and consistent estimation
of the system parameter, in view of the measurement
results under the white Gaussian noise with maximum
amplitude 0.05 and 0.1, respectively, it can be seen that the
model dynamic measurement approaches the real process.
The effect of the maximum amplitude of white Gaussian
noise can be neglected for the model dynamic measure-
ment. Thus, the measurement results represent the real
temperature model of the bioreactor.

We adopt the monopulse signal as input so that the

100

control action
Fi

[ ; )
1000 1500
time/s

(b)

Fig. 6 Temperature and control action under PID control. (a) Temperature output; (b) control action under PID
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output of the process is steady. The analytical expression of
the monopulse response for the temperature model of the
bioreactor is obtained. The main objective of this paper is
to show the derivation of the temperature model.
Simulation results are given to show the effectiveness of
the measurement method. In particular, this applies to all
the common time-variant and non-stationary transient
dynamic temperature measurements of the bioreactor. The
novel method given in this paper is simple and can be
easily adopted by industry.

Acknowledgements This work was supported by the National High
Technology Research and Development Program of China (No.
2004AA412050).

References

1. Hessling J P. A novel method of evaluating dynamic measurement
uncertainty utilizing digital filters. Measurement Science and
Technology, 2009, 20(5): 055106

2. Barron M A, Aguilar R. Dynamic behaviour of a continuous stirred
bioreactor under control input saturation. Journal of Chemical
Technology and Biotechnology, 1998, 72(1): 15-18

3. Dondo R G, Marqués D. Optimal control of a batch bioreactor: a
study on the use of an imperfect model. Process Biochemistry, 2001,
37(4): 379-385

4. Ziegler J G, Nichols N B. Optimum settings for automatic
controllers. Transactions of the American Society of Mechanical
Engineers, 1942, 64(11): 759-768

5. Kim D W, Shen F, Chen X, Wang A. Simultaneous measurement of
refractive index and temperature based on a reflection-mode long-
period grating and an intrinsic Fabry-Perot interferometer sensor.
Optics Letter, 2005, 30(22): 3000-3002

6. Engin SN, Yildiz F, Ince M, Onkal Engin G, Keskinler B. Modeling
and parameter identification of a jet-loop bioreactor. In: Proceedings
of American Control Conference. 2007, 6122-6127

7. Tatiraju S, Soroush M, Mutharasan R. Multi-rate nonlinear state and
parameter estimation in a bioreactor. In: Proceedings of the 1998
American Control Conference. 1998, 4: 2324-2328

8. Banik G C, Viraraghavan T, Dague R R. Low temperature effects on
anaerobic microbial kinetic parameters. Environmental Technology,
1998, 19(5): 503-512

9. Lettinga G, Rebac S, Zeeman G. Challenge of psychrophilic
anaerobic wastewater treatment. Trends in Biotechnology, 2001, 19
(9): 363-370

10. Bergamo C M, Monaco R D, Ratusznei S M. Effects of temperature
at different organic loading levels on the performance of a fluidized-
bed anaerobic sequencing batch bioreactor. Chemical Engineering
and Processing, 2009, 48(3): 789-796

11. Kozlov A G. Frequency response model for thermal radiation
microsensors. Measurement Science and Technology, 2009, 20(4):
045204

12. Antonini C, Persico G, Rowe A L. Prediction of the dynamic
response of complex transmission line systems for unsteady
pressure measurements. Measurement Science and Technology,
2008, 19(12): 125401

13. Link A, Elster C. Uncertainty evaluation for IIR (infinite impulse
response) filtering using a state-space approach. Measurement
Science and Technology, 2009, 20(5): 055104

14. Rettig F, Mpps R. Temperature-modulated direct thermoelectric gas
sensors: thermal modeling and results for fast hydrocarbon sensors.
Measurement Science and Technology, 2009, 20(6): 065205

15. Zhang J, Zhang Y, Sun W, Yuan L. Multiplexing multimode fiber
and Fizeau etalon: a simultaneous measurement scheme of
temperature and strain. Measurement Science and Technology,
2009, 20(6): 065206

16. Hu M H, Shao H H. Autoregressive spectral analysis based on
statistical autocorrelation. Physica A: Statistical Mechanics and Its
Applications, 2007, 376: 139-146

17. Wang Q G, Zhang Y. Robust identification of continuous systems
with dead-time from step responses. Automatica, 2001, 37(3): 377-
390



	Outline placeholder
	bmkcit1
	bmkcit2
	bmkcit3
	bmkcit4
	bmkcit5
	bmkcit6
	bmkcit7
	bmkcit8
	bmkcit9
	bmkcit10
	bmkcit11
	bmkcit12
	bmkcit13
	bmkcit14
	bmkcit15
	bmkcit16
	bmkcit17



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (None)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (ISO Coated v2 300% \050ECI\051)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.3
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Perceptual
  /DetectBlends true
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 524288
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveEPSInfo true
  /PreserveHalftoneInfo false
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 150
  /GrayImageDepth -1
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputCondition ()
  /PDFXRegistryName (http://www.color.org?)
  /PDFXTrapped /False

  /SyntheticBoldness 1.000000
  /Description <<
    /DEU <>
    /ENU <FEFF004a006f0062006f007000740069006f006e007300200066006f00720020004100630072006f006200610074002000440069007300740069006c006c0065007200200036002e0020000d00500072006f006400750063006500730020005000440046002000660069006c0065007300200077006800690063006800200061007200650020007500730065006400200066006f00720020006f006e006c0069006e0065002e000d00280063002900200032003000300031003000200053007000720069006e006700650072002d005600650072006c0061006700200047006d006200480020>
  >>
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [5952.756 8418.897]
>> setpagedevice


