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Problems & Ideas

Problem of agent falling into hazardous state because of

taking improper action

— most traditional reinforcement learning algorithms are based on

unconstrained stochastic policies, which is very likely to lead to failure

— little concern has been put on taking advantages of valuable
experiences that relate to the failure of the task

|deas: Build up a safety guarding model via hazardous

experience planning

— takes advantage of the hazardous experience replay buffer

— build up a safety guarding model
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Reward
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