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Problems & Ideas
• Problems of current continual learning approaches:

– Obtaining labeled samples can be difficult and tedious as it may require
expert knowledge.

– Labeled and unlabeled samples exist simultaneously, with more
unlabeled than labeled samples in streaming data.

• Ideas: A more challenging scenario: Semi-Supervised Class-Incremental

Learning (SSCIL) is proposed, aiming to leverage unlabeled data to alleviate
catastrophic forgetting in classification tasks.

Fig. 1 The illustration for our proposed SSCIL framework.



Main Contributions
• Contributions:

– We propose a novel SSCIL framework tailored to classification tasks, which
facilitates the gradual acquisition of new class knowledge while maintaining a
balance between the stability and plasticity on previously learned classes.

– We propose a novel strategy for measuring the temporal consistency with
the unlabeled data memory replay.

– We conduct extensive experiments on two benchmark datasets and
experimental results showcase notable performance advantages over other
competing methods.

Table 1: The classification average accuracy (%) and forgetting (%) of CIFAR-100 with 1000 labeled samples for each task. The red font indicates the 

average forgetting of the model for each task.


