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Problems & Ideas
• Problems of conventional missing data recovery methods

– Existing works focus on improving a single heterogeneous graph

– No support is provided for dynamically evolving multi-graph settings

• Ideas: A multi-source incremental fusion framework that 
integrates graph-specific adapters and cross-graph embedding 
alignment to improve missing data recovery in evolving 
heterogeneous graphs

Proposed SIKE framework. Left: Input heterogeneous graphs with overlapping nodes. Middle: Graph-
specific adapters built on frozen PLM encode each graph independently. Right: Two-stage fusion aligns
and transfers knowledge across graphs for incremental missing data recovery.



Main Contributions
• Contributions

– A novel source-incremental missing data recovery task that leverages 
overlapping semantics across heterogeneous graphs for progressive 
enhancement

– A unified framework with graph-specific adapters and a two-stage fusion 
mechanism to enable continual representation learning across graphs

– A cross-graph embedding alignment strategy that supports efficient and 
robust recovery, achieving superior performance on real-world datasets

Results of missing recovery with DBpedia15K → Wikidata15K → YAGO15K. SIKE outperforms all 
competing models across both datasets on most metrics, except re-training.


