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Problems & Ideas
• Problems of conventional graph pseudo-labeling methods:

– susceptibility to prediction errors from the base model.

– issues caused by unforeseeable threshold settings

– vulnerability to data distribution.

• Ideas: A label generation chain integrating LLM pseudo-
labeling with prototypes, label quality screening and multi-
view consistency to enhance downstream graph learning.

Overview of APL-LLM. It is composed of: (1) pseudo-labeling with prototypes makes summaries for each class, and

generates pseudo-labels on the node set. (2) label quality screening filters high quality labels via pre-sampling and dynamic

threshold mechanism. (3) training with multi-view enhanced consistency and finally prediction.



Main Contributions
• Contributions:

– A general benchmark in utilizing LLMs predictions for graph-oriented 
tasks, with class prototypes to gain semantic guidance;

– A novel approach for few-shot graph learning, named APL-LLM, where 
PLP and LQS interact to form a reliable label generation chain, and 
MVC mines the potential information of filtered data;

– Extensive experiments show the superiority of APL-LLM over powerful 
baselines. It can effectively alleviate the problem of label sparsity.

The node classification accuracy of algorithms (%). Bold indicates the best, underline indicates the second best.


