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streams

Problems & Ideas

Problems of Event detection and evolution in multi-lingual

— Multi-lingual post integration and social event definition

Ideas: Streaming abnormal graph detection and clustering
— Streaming graph-of-words based abnormal detection algorithms

— Integrating event elements, graph-of-words and incremental word
embedding for event similarity measure
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Fig. 1 Illustration of event detection and evolution from multi-lingual text streams.




Main Contributions

There are three main contributions for social
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3.By designing an event similarity that considers
both event elements, graph-of-words and
incremental word embedding, the MLEM model 1o P
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Fig. 5 Comparison of detected event quantity



