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Problems & Ideas
• Problems of  traditional supervised learning:

– Traditional supervised learning requires a large number of labeled 
examples to train the classification model.

– It is difficult and costly to annotate a huge number of unlabeled 
examples in many real-world scenarios.

• Ideas: To mitigate this issue, we focus on a recently proposed weakly-

supervised learning framework called pairwise comparison (Pcomp) 
classification, and propose a novel learning framework called PC-AUC, 
which performs AUC maximization to avoid the class-imbalance issue.

Main results proposed in the paper showing the unbiasedness and consistency of PC-AUC.



Main Contributions
• Contributions:

– A novel Pcomp-AUC (PC-AUC for short) framework for robust AUC 
maximization by minimizing pairwise surrogate loss with only Pcomp 
data;

– Disclosing the robustness of PC-AUC maximization, i.e., maximizing PC-
AUC is equivalent to maximizing AUC;

– Showing the consistency of learning from Pcomp data, i.e., the learner 
under Pcomp data approximating the optimal Bayes learner.

AUC of each comparing method on four benchmark image classification datasets with different class prior probabilities.


