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Problems & Ideas

* Problems of existing Micro-expression(ME) recognition
methods:

— Onset-apex methods struggle with apex localization and miss
asynchronous Action Unit (AU) peaks.

— Fixed-frame approaches discard critical temporal dynamics due to
variable ME durations.
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Main Contributions

e Contributions:

— A novel temporal feature analysis network, utilizing the complete image
sequence to model the dynamic evolution of micro-expressions, effectively
handling the long-range temporal dependencies;

— Notably, in DFME, the largest available micro-expression dataset, our method
achieves the highest performance in 7-class classification task;

— We earn the first place in the 4th Chinese Conference on Affective Computing
(CCAC 2024) competition, with an approximate 5% improvement over the
second-place entry.
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Micro-expression recognition results in two datasets. Left: 7-class classification task in"test A” and “test_B” of DFME; Right:
7-class and 3-class classification task on CAS(ME)3.



