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Problems & Ideas

Problems of Constraint-Based Neural Network Repairs:

— Computational efficiency can be adversely affected when the example
set encompasses  excessive examples, resulting in calculation
explosions, prolonged execution times, or out-of-memory errors.

— The example set can be reduced to boosting constraint-based neural
network repairs, but determining which examples within the example
set can be minimized to expedite neural network repair remains a
formidable task.

ldeas: we observed that not all examples are equally useful for the repair
process, therefore we can identify the examples of less value and thereby
remove the redundant constraints in the models. Example prioritization
and selection can be used to reduce the size of example set.



Main Contributions

Contributions:

— We define a metric to estimate the confidence level of the neural
network’s predictions on examples, and propose an example selection
strategy to filter out examples for the neural network repairs.

— we present a novel approach that incorporates example prioritization
and selection strategies to accelerate the neural network repair
process. : s

Table 1 The Drawdown, Improvement, and Time effec-

tiveness of our approach on different datasets and repair
approaches
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