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Problems & Ideas

* Problems of current argument mining methods:

— Argument mining faces three main challenges: insufficient contextual
information on targets, cross-domain adaptation across varying targets,
and implicit argumentative information within the argument.

— Current approaches mainly focus on solving the first two issues from
the semantic perspective.
* |deas: A novel topic-enhanced information-seeking argument
mining approach by leveraging the mutual interaction between
the neural topic model and the language model.
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The architecture of the proposed TEAM model: (a) topic representation generation; (b) target-aware subtopic extraction
(bottom), topic-argument mutual learning (top); (c) argument identification.



Main Contributions

e Contributions:

A novel Topic-Enhanced Argument Mining model is proposed based on
mutual learning to address the insufficiency of contextual information of
the targets, the cross-domain adaptation across the varying targets and
the implicit argumentative information within the argument;

Comprehensive experiments are conducted on the UKP ArgMin dataset
in both in-domain and cross-domain scenarios to show the effectiveness
of the proposed model.
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subtopics (red) extracted by our TEAM.



