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Current Problem and original ideas

Problem: Lack of extensive study on Density based clustering algorithms(DBCLAs).
Existing ideas: Surveys on DBCLAs covered selected algorithms focusing on limited aspects.
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Our k;v contribution(s):

Our survey covers 32 major DBCLAs since 1996, which is the maximum number of DBCLAs that have ever been studied in
a single survey ;Draw comparisons with previous studies on DBCLAs; Comprehensive classification of DBCLAs.
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Main Results/Conclusions
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Major Conclusions:

1. One of the most comprehensive surveys with a
wide variety of DBCLAS(32 algorithms) being
studied since1996.

2. DBSCAN remains one of the most influential
DBCLAs with a large number of DBCLAs inheriting
its clustering method.

3. Most DBCLASs are parameter sensitive, execute
serially and rely on point based density
computation.

4. The share of multi-class DBCLASs is at its highest
while using a variety of techniques in defining the
density.
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