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XGCN: a library for large-scale graph neural network
recommendations (Supplementary material)

A Project Website

The XGCN project is released at https://github.com/
CGCL-codes/XGCN_library. Detailed documents for us-
age guidance and model running scripts are included.

B Supported Models

Due to space constraints in the main text, we place the ref-
erences for all the supported models here. As presented in
Table I, XGCN includes a total of 16 embedding models,
covering a wide range of categories.

Table I Supported Models in XGCN

Category Models
pure propagation RandNE [1]
shallow embedding node2vec [2], UltraGCN [3]

MP or layer-sampling
GraphSAGE [4], GAT [5], GIN [6],
LightGCN [7], SimpleX [8]

decoupling-based
PPRGo [9], SGC [10], S 2GC [11],
SIGN [12], GAMLP [13], GBP [14]

clustering-based Cluster-GCN [15]
extreme convolution xGCN [16]
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Rózemberczki B, Lukasik M, Günnemann S. Scaling graph neural net-

works with approximate pagerank. In: Proceedings of the 26th ACM

SIGKDD International Conference on Knowledge Discovery and Data

Mining. 2020, 2464–2473

10. Wu F, Jr. A H S, Zhang T, Fifty C, Yu T, Weinberger K Q. Simplifying

graph convolutional networks. In: Proceedings of the 36th Interna-

tional Conference on Machine Learning. 2019, 6861–6871

11. Zhu H, Koniusz P. Simple spectral graph convolution. In: Proceedings

of the 9th International Conference on Learning Representations. 2021,

1–12

12. Frasca F, Rossi E, Eynard D, Chamberlain B, Bronstein M, Monti F.

Sign: Scalable inception graph neural networks. In: Proceedings of

Graph Representation Learning and Beyond Workshop at the 37th In-

ternational Conference on Machine Learning. 2020, 1–9

https://github.com/CGCL-codes/XGCN_library
https://github.com/CGCL-codes/XGCN_library


2

13. Zhang W, Yin Z, Sheng Z, Li Y, Ouyang W, Li X, Tao Y, Yang Z,

Cui B. Graph attention multi-layer perceptron. In: Proceedings of the

28th ACM SIGKDD Conference on Knowledge Discovery and Data

Mining. 2022, 4560–4570

14. Chen M, Wei Z, Ding B, Li Y, Yuan Y, Du X, Wen J. Scalable graph

neural networks via bidirectional propagation. In: Proceedings of the

Annual Conference on Neural Information Processing Systems 2020.

2020, 14556–14566

15. Chiang W, Liu X, Si S, Li Y, Bengio S, Hsieh C. Cluster-gcn: An

efficient algorithm for training deep and large graph convolutional net-

works. In: Proceedings of the 25th ACM SIGKDD International Con-

ference on Knowledge Discovery and Data Mining. 2019, 257–266

16. Song X, Lian J, Huang H, Luo Z, Zhou W, Lin X, Wu M, Li C, Xie X,

Jin H. xgcn: An extreme graph convolutional network for large-scale

social link prediction. In: Proceedings of the ACM Web Conference

2023. 2023, 349–359


	Project Website
	Supported Models

