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Problems & Ideas
• Problems with training deep learning models in the presence of 

label noise:

– Label noise in datasets can significantly decrease classification 
performance.

– Existing methods for handling label noise often require prior 
knowledge of the dataset's noise ratio or additional model training.

• Introducing Adaptive-k, an innovative method enhancing 
optimization in noisy datasets without requiring prior knowledge, 
extra model training, or substantial computational power.



Main Contributions
• Contributions:

– Adaptive-k: A novel algorithm for robust training of label noisy datasets that is 
easy to implement and does not require additional model training or data 
augmentation.

– Theoretical analysis of Adaptive-k and comparison with the MKL algorithm 
and SGD.

– High accuracy noise ratio estimation using Adaptive-k without prior 
knowledge of the dataset or hyperparameter adjustments.

– Empirical comparisons of Adaptive-k with Oracle, Vanilla, MKL, Vanilla-MKL, 
and Trimloss algorithms on multiple image and text datasets.

Adaptive-k's effectiveness in separating clean and

noisy samples using adaptive thresholds on the

MNIST dataset.

demonstrates how Adaptive-k accurately estimates

clean sample ratios during adaptive training for the

MNIST dataset.


