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Problems & Ideas
• From the perspective of a paper reviewer, how we can 

evaluate LLM’s critical thinking ability in terms of academic 
reviewing:
– How LLM reviewer performs comparing to uman reviewer

– Why LLM works or why LLM does not

Ideas: Integrate chain-of-thought prompting, retrieval-
augmented generation (RAG), and supervised fine-tuning (SFT) 
to probe LLM review behavior and distill its strengths and 
weaknesses in academic peer review:



Main Contributions
• Contributions:

– Smaller models yield distributions closer to human evaluations. Large 
models tend to assign disproportionately high scores;

– LLM overconfidence and bias;

– Simple fine-tuning can help mitigate this bias and promote more 
balanced scoring.

– Summary: LLMmaintain a high level of consistency in the more coarse-
grained accept/reject binary classification tasks and exhibit robust 
performance in textual language aspects.

– Future Work: We plan to examine case studies of improperly reviewed 
papers and explore alternative RAG corpora, such as Related Work 
sections, to complement human review data


