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Problems & ldeas

* Problems of current Cross-Domain recommendation (CDR) models

— Noise from imbalanced global graph interactions: Directly aggregating
global user—item interactions often introduces noise due to imbalanced

data.

— Negative transfer due to poor disentanglement: Fail to properly separate
shared and domain- speC|f|c features, leading to entangled representatlons
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* Ideas:
eas.

— Filtered collaborative neighborhood global graph and adaptive multi-
graph propagation to capture comprehensive structural signals.



Table 1 Overall Performance Comparison on Three Cross-Domain Recommendation Tasks, Bold denote the best performance, and underlined indicate the second-best perfor-

Main Contributions

Contributions:

— We identify key challenges in existing CDR methods, including noise from
global aggregation and negative transfer from poor disentanglement.

— We propose DIGCDR, a framework with global graph construction, multi-
graph learning, and mutual information-based disentanglement.

— Extensive experiments demonstrate that DiGCDR outperforms strong
baselines and alleviates noise and negative transfer.
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Task | Domain |~ Metrics —\e=""7" | GCN  SimGCL | LightGCN-al PTUPCDR BITGCF DisenCDR DRLCDR DCCDR | DiGCDR
Recall@2) | 00535 00660  0.0714 0.0690 00727 00687 00481 00501 00741 | 0.0764
_— St | NDCG@20 | 00261 00326 0,0345 0.0344 00352 00324 00231 00241 00363 | 00372
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Fig.2 Ablation study of DiGCDR.
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Fig. 3 Hyperparameter Sensitivity Analysis of DiGCDR.



