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Abstract

Background: Psychological abuse and neglect are considered fundamental to the development of impulsiveness. However, the interplay
between psychological abuse-neglect symptoms and impulsiveness dimensions remains unclear, especially during adolescence, a critical
developmental stage. This study uses network analysis to explore the link between adolescent psychological abuse-neglect and impul-
sivity, aiming to inform targeted early interventions and treatment strategies for impulsive behaviors. Methods: Cluster sampling was
used to gather demographic data from 6731 students across 17 middle schools. Clinical assessments utilized the Chinese Barratt Impul-
siveness Scale (BIS-11) and Child Psychological Abuse and Neglect Scale (CPANS). Network analysis explored associations between
the six CPANS components and three impulsiveness dimensions. Centrality indices and stability indicators were calculated. Results:
In the study population, 47.4% were female, and 68.4% were middle school students. Scolding (4.0 [1.0, 7.0]) scored highest in abuse,
while Emotional Neglect (6.0 [2.0, 12.0]) scored highest in neglect. Among impulsive types, Non-planning Impulsiveness (47.5 [32.5,
60.0]) ranked highest. Emotional Neglect emerged as the central node in the network, with the greatest strength, closeness, and influence,
while Non-planning Impulsiveness showed the highest correlation with centrality. All centrality indices had Correlation Stability (CS)
coefficients of 0.75, with narrow 95% confidence intervals for edge weights. Conclusions: This study underscores the central role of
emotional neglect in the development of impulsive traits in adolescents. Network analysis revealed that emotional neglect serves as a
critical link between abuse-neglect and impulsivity, with non-planning impulsivity acting as a key mediator. The results emphasize the
need for comprehensive interventions, as well as addressing the impact of early traumatic experiences. Clinical Trial Registration:
The study was registered at https://www.chictr.org.cn/showproj.html?proj=134138, registration number: ChiCTR2100052297, date of
registration: 24 October 2021.
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Main Points
1. Network analysis revealed that emotional neglect

holds a central position in the network structure of adoles-
cent psychological abuse and impulsivity and is the most
influential node.

2. Non-planning acts as a bridging node, linking
psychological abuse-neglect to other impulsive behaviors,
highlighting its significant role in the network structure.

3. This study suggests that interventions should pri-
oritize the regulation of emotional neglect and impulsivity
traits to mitigate their long-term negative impact on adoles-
cent mental health.

4. The findings support a strong association between
emotional neglect and impulsivity traits, emphasizing the
potential value of early interventions targeting emotional
neglect to reduce impulsive behaviors among adolescents.

1. Introduction
The World Health Organization defines child abuse

and neglect as any form of physical, emotional, or sexual

abuse, negligence, or exploitation that results in actual or
potential harm to a child’s health, development, or dignity
within a relationship of responsibility, trust, or power [1].
There are four types of child abuse—sexual abuse, physical
abuse, emotional abuse, and neglect [2]. Child abuse has
become a global public health issue. In China, the study
reveal increasing rates of abuse among primary and sec-
ondary students: 20% for physical abuse, 30% for emo-
tional abuse, 12% for sexual abuse, 47% for physical ne-
glect, and 44% for emotional neglect [3]. Child abuse is
linked to a range of negative outcomes, including violent
behavior, emotional disorders, self-injury, and substance
use. It often leads to early onset of clinical symptoms, more
severe disease progression, and poorer treatment outcomes
[4]. The long-term effects of abuse can persist into adult-
hood, contributing to mental disorders and suicide. Addi-
tionally, child abuse has profound social and economic con-
sequences, including increased disability, healthcare costs,
and social inequality [5]. Understanding child abuse is cru-
cial due to its widespread impact on individual health and
society.
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Compared to other forms of abuse and neglect, psy-
chological abuse and neglect in children are more difficult
to identify and address [6,7]. Child psychological abuse and
neglect (CPAN) refers to ongoing and repeated inappropri-
ate parenting practices. Specifically, abuse involves the use
of language and expressions by parents to threaten or humil-
iate children, restrict them, or encourage inappropriate be-
haviors, without involving physical or sexual contact. Ne-
glect refers to the prolonged failure of parents to meet their
children’s needs [8]. In traditional Chinese culture, parents
often view psychological abuse of children (such as harsh
scolding) as expressions of love and care. They tend to em-
ploy stricter, hostile, rejecting, or neglectful behaviors in
child education. This makes psychological abuse and ne-
glect a potentially significant public health issue in China
[9]. Previous research suggests that child abuse and neglect
affect psychological well-being through behavioral, emo-
tional, and cognitive pathways. These effects often persist
into adolescence, a critical stage for psychological devel-
opment, and have profound impacts on personality traits,
including impulsiveness [10].

Impulsivity refers to the tendency to act quickly with-
out considering the potential negative consequences. It is
generally categorized into three dimensions: non-planning,
motor, and cognitive impulsiveness [11]. Research by Fe-
litti et al. (1998) [12] has highlighted a significant associa-
tion between childhood experiences of psychological abuse
and neglect and the development of impulsive traits. Cu-
mulative adverse experiences, such as psychological abuse
and neglect, disrupt emotional regulation and increase the
likelihood of impulsive behaviors during both adolescence
and adulthood [13]. These experiences affect the brain’s
emotional and behavioral control systems, resulting in long-
term changes in impulsivity. Impulsivity also serves as
a mediator between psychological abuse and neglect and
negative psychological outcomes, such as depression, anx-
iety, and substance abuse [14]. Studies suggest that impul-
siveness, driven by psychological abuse and neglect, con-
tributes to the development of various psychological and
behavioral disorders. A deeper understanding of impul-
sivity can provide valuable insights into the biological and
neurological mechanisms underlying these disorders. Inte-
grating impulsivity into research can improve intervention
strategies aimed at mitigating the effects of psychological
abuse and neglect. By recognizing impulsivity as a key me-
diating factor, we can develop more effective treatments for
individuals affected by early trauma [15].

The diathesis-stress model provides a useful frame-
work for understanding how psychological abuse and ne-
glect contribute to impulsivity [16]. According to this
model, individuals with an inherent predisposition for im-
pulsivity (diathesis) are more vulnerable to exhibiting im-
pulsive behaviors when exposed to external stressors such
as neglect or abuse. Research consistently shows a signif-
icant association between childhood trauma and increased

impulsivity in adulthood [17]. For instance, Liu [18] (in
themeta-analysis) found a positive correlation between trait
impulsivity and childhood abuse, with a stronger link in
cases of emotional abuse. These findings suggest that in-
dividuals who experience emotional, physical, or sexual
abuse often struggle with emotional regulation. As a re-
sult, they may rely on impulsive behaviors as coping mech-
anisms to manage emotional stress and negative emotions
[19]. To explore these complex dynamics, this study uti-
lized network analysis, a method that effectively captures
the intricate interactions between the symptoms of abuse,
neglect, and impulsivity. Fried et al. (2017) [20] outlined
the use of network analysis in psychological research, par-
ticularly for understanding the interactions between symp-
toms. This approach identifies central symptoms within the
network and elucidates their interactions, offering valuable
insights into how psychological abuse contributes to impul-
sive behaviors.

Although existing evidence suggests an association
between childhood psychological abuse and neglect and
impulsivity traits, it remains unclear which specific symp-
tomatic characteristics of psychological abuse and neglect
aremost closely related to impulsivity traits, and to what ex-
tent common factors explain the relationship between these
two phenomena. Therefore, we hypothesize that psycho-
logical abuse and neglect may be related to impulsivity
traits, and that specific impulsivity traits may have different
associations with the characteristics of psychological abuse
and neglect. This study employs network analysis to clarify
the relationships between these dimensions and to provide
empirical support for clinical interventions.

2. Methods and Procedure
2.1 Data Collection Methods, Inclusion and Exclusion
Criteria

This study was conducted between November 2021
and May 2022 using a cluster random sampling method,
with questionnaires distributed to 17 randomly selected
middle schools in Sichuan Province. The inclusion crite-
ria were as follows: students aged 10 to 19 years who are
currently enrolled in middle or high school, with no his-
tory of serious physical illnesses, and who have agreed to
participate in the study and are able to complete the ques-
tionnaire. Exclusion criteria included adolescents with psy-
chiatric disorders, which were assessed using the Kiddie
Schedule for Affective Disorders and Schizophrenia (K-
SADS), as well as individuals with intellectual disabilities,
any serious physical illness, a history of suicide attempts,
or those who had taken antidepressants, mood stabilizers,
or antipsychotic medications within the past week. All as-
sessments were conducted by licensed psychiatrists.

The research team consisted of faculty members and
graduate students from the Department of Mental Health
at the North Sichuan Medical College. Prior to the sur-
vey, all participants were trained in relevant professional
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knowledge and questionnaire content. The training in-
cluded the study background, relevant research topics, field
survey methods, and procedures. A standard operating pro-
cedure (SOP) was developed to ensure that assessors fol-
lowed a uniform standard for explaining, distributing, col-
lecting, and reviewing questionnaires, as well as manag-
ing and auditing the entire process for handling the ques-
tionnaires. Throughout the data collection process, all re-
searchers strictly adhered to standardized procedures, dis-
tributing electronic questionnaires to participants. The stu-
dents completed the surveys.

This study was a cross-sectional study. This cross-
sectional study employed bilateral testing with a signifi-
cance level of α = 0.05 and a tolerance error of δ = 0.01.
According to the literature, the estimated incidence rate of
impulsivity traits in adolescents is 20%. Using PASS15
software (version 15, developed by NCSS, LLC, Kaysville,
UT, USA, https://www.ncss.com), the minimum required
sample size was calculated to be 6250 participants. To ac-
count for a 10% potential data loss or refusal rate, the sam-
ple size was adjusted to 6945 participants. After removing
cases with missing data, clearly inconsistent answers, fab-
ricated responses, and extreme outliers—defined as scores
more than three standard deviations above the mean—the
final sample size consisted of 6731 adolescents.

2.2 Measures
2.2.1 Demographic Variables

A comprehensive survey was conducted using a
custom-designed questionnaire developed by the investi-
gator, covering various parameters including gender (male
or female), educational level (middle or high school), and
other relevant sociodemographic factors.

2.2.2 Psychological Abuse and Neglect
Psychological abuse and neglect were assessed us-

ing the Children’s Psychological Abuse and Neglect Scale
(CPANS) [21], a self-reportedmeasure designed to evaluate
the extent of psychological abuse and neglect experienced
by children and adolescents. The CPANS consists of 31
items, divided into two subscales: psychological abuse and
psychological neglect. The psychological abuse subscale
includes items related to verbal abuse, emotional manipu-
lation, and threats, while the psychological neglect subscale
assesses the lack of emotional support, neglectful supervi-
sion, and failure to meet emotional needs.

Data collection was conducted through structured in-
terviews and self-administered questionnaires, where par-
ticipants were asked to rate the frequency of each experi-
ence on a 5-point Likert scale: 0 = never, 1 = rarely, 2 =
sometimes, 3 = often, and 4 = always. Higher total scores
indicate a greater severity of psychological abuse and ne-
glect during childhood. The purpose of obtaining these data
was to quantify the impact of psychological abuse and ne-
glect on adolescents, focusing on their potential influence

on mental health, behavior, and emotional regulation. By
examining the frequency and severity of these experiences,
we sought to identify adolescents at risk of developing mal-
adaptive behaviors such as impulsivity. In this sample,
Cronbach’s alpha was 0.941, indicating excellent internal
consistency and reliability of the scale.

2.2.3 Impulsiveness
Impulsivity traits in participants were assessed us-

ing the Chinese version of the Barratt Impulsiveness
Scale (BIS-11) [22], which includes three subscales: non-
planning impulsiveness, motor impulsiveness, and cogni-
tive impulsiveness. The BIS-11 is a self-reported question-
naire designed to evaluate different dimensions of impulsiv-
ity. For data collection, participants were instructed to re-
spond to a series of statements related to their typical behav-
iors and thought patterns, using a 4-point Likert scale rang-
ing from “rarely/never” to “almost always”. Some items
were reverse-scored to ensure consistency and prevent re-
sponse biases, with higher total scores indicating higher lev-
els of impulsivity. The purpose of using the BIS-11 was
to quantitatively measure impulsivity traits in adolescents
and explore their potential relationship with psychological
abuse and neglect. Understanding the extent of impulsivity
in relation to these psychosocial factors may help identify
adolescents at greater risk of engaging in impulsive or mal-
adaptive behaviors, thereby assisting in developing preven-
tive strategies and interventions. The scale demonstrated
good internal consistency, with a Cronbach’s alpha of 0.80,
indicating reliable measurements.

2.3 Statistical Analysis
We utilized SPSS Statistics 26.0 (IBM Corporation,

Armonk, NY, USA) to perform descriptive statistical anal-
yses, providing insights into the sample’s distribution char-
acteristics. To assess gender differences in psychologi-
cal abuse, neglect, and impulsive traits, the non-parametric
Mann-Whitney U test was conducted, comparing male and
female participants’ scores on these variables.

Network analysis is a statistical technique that uses a
graphical representation to illustrate the relationships be-
tween variables and the strength of their correlations. Un-
like traditional methods that rely on predefined dimensions,
network analysis reveals the complex, interconnected na-
ture of symptoms without such restrictions [23]. This ap-
proach allows for a more intuitive understanding of how
symptoms interact and identifies which symptoms are cen-
tral within the network. For this study, network analysis
was applied to explore the relationships between psycho-
logical abuse, neglect, and impulsivity.

Network analysis was performed using the q graph
package (version 1.9.2) in R software (version 4.4.1, R Core
Team, R Foundation for Statistical Computing, Vienna,
Austria, https://www.r-project.org/), constructing the net-
work using Gaussian Graphical Models (GGMs). GGMs
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were first used to estimate partial correlation coefficients
between nodes. Given the large number of nodes (e.g., 9
nodes require estimating 36 parameters: 9 threshold param-
eters and 27 pairwise correlation parameters), this can lead
to false-positive edges. To address this, we employed the
graphical lasso (glasso) algorithm for regularization, pro-
ducing a sparse inverse covariance matrix where many el-
ements are zero, indicating conditional independence be-
tween corresponding variables. The regularization process
of the glasso algorithm was combined with the Extended
Bayesian Information Criterion (EBIC) to optimize model
selection. EBIC introduces a penalty term to control model
complexity and reduce the risk of overfitting. The estimate
Network function automatically implements the glasso reg-
ularization.

We used the q graph package to plot the network
graph. In the network graph, nodes represent individual
variables, and edges indicate the relationships between vari-
ables [24]. To better visualize the data, we grouped the
nodes and explored different layout options, including the
spring layout and circle layout. Spring Layout: This is a
force-directed layout algorithm that arranges nodes on a 2D
plane by simulating attractive and repulsive forces between
them, bringing connected nodes closer together and push-
ing unconnected nodes further apart. Circle Layout: In this
layout, all nodes are positioned around a circle, with nodes
from each group (or community) placed in separate circles
to facilitate the visualization of relationships between dif-
ferent communities and the overall structure.

We measured centrality indices of the established net-
work, including node strength, closeness centrality, and be-
tweenness centrality. Node strength refers to the sum of the
absolute values of the edge weights connected to a node.
Closeness centrality reflects the average distance from one
node to all other nodes in the network. Betweenness cen-
trality indicates the number of times a node appears on the
shortest path between other nodes. To assess the stabil-
ity of the centrality indices, we conducted analyses using
network model estimation based on data subsets and case-
dropping bootstrapping (N = 1000). If the values dropped
significantly after removing participants, the centrality in-
dices were considered unstable. The robustness of the net-
work was evaluated using the bootstrapping method in the
R package bootnet. The stability analysis was calculated
using the CS coefficient (Correlation Stability Coefficient),
which represents the maximum proportion of cases that can
be dropped while retaining a correlation greater than 0.7
(default) for the original centrality at a 95% confidence
level.

3.Results
3.1 Demographic Characteristics

This study surveyed a total of 6731 adolescents, of
whom 47.4% were female and 68.4% were middle school
students. We performed a non-parametric Mann-Whitney

Table 1. Descriptive characteristics of the sample.

Variables
M (P25, P75)
or n (%)

Gender
Male 52.6%
Female 47.4%

Educational level
Junior high school 68.4%
Senior high school 31.6%

Abuse
Scolding 4.0 (1.0, 7.0)

Intimidation 3.0 (1.0, 6.0)
Interference 2.0 (0.0, 6.0)

Neglect
Emotional neglect 6.0 (2.0, 12.0)
Education neglect 2.0 (0.0, 5.0)
Physical neglect 2.0 (0.0, 5.0)

Impulsiveness
Non-planning Impulsiveness 47.5 (32.5, 60.0)

Motor Impulsiveness 30.0 (15.0, 45.0)
Cognitive Impulsiveness 47.5 (32.5, 57.5)

U test to compare male and female participants’ scores on
psychological abuse-neglect and impulsivity traits. The re-
sults showed that the relationship between psychological
abuse-neglect and impulsivity was not significantly differ-
ent in gender (p > 0.05). Scolding was the highest-rated
category of abuse, with a score of (4.0 [1.0, 7.0]), followed
by Intimidation (3.0 [1.0, 6.0]) and Interfering (2.0 [0.0,
6.0]). Among the reported neglect categories, Emotional
Neglect had the highest score at (6.0 [2.0, 12.0]), followed
by Educational Neglect (2.0 [0.0, 5.0]) and Physical Ne-
glect (2.0 [0.0, 5.0]). Regarding impulsivity traits, Non-
planning Impulsiveness had the highest score at (47.5 [32.5,
60.0]), followed by Cognitive Impulsiveness (47.5 [32.5,
57.5]) and Motor Impulsiveness (30.0 [15.0, 45.0]). The
median, interquartile spacing among the main study vari-
ables are shown in Table 1.

3.2 Network Structure

The network of impulsiveness and psychological
abuse-neglect is shown in Fig. 1. Highly correlated nodes
are positioned close to each other, while weakly correlated
nodes are farther apart. Different-colored nodes in the fig-
ure represent various types of impulsiveness, psychologi-
cal abuse, and neglect, with varying connection strengths
between node types, indicating their relative independence
in the network. The connections within specific groups are
strong, and no negative edges were found. Among the 36
edges, all weights were greater than zero. For example, the
strongest edge in the impulsiveness (weight = 0.87) was
between Non-planning Impulsiveness and Cognitive Im-
pulsiveness. In the psychological neglect symptoms, the
strongest edge (weight = 0.81) was between Emotional Ne-
glect and Educational Neglect. For psychological abuse,
the strongest edge (weight = 0.87) was between Scolding
and Intimidation. Notably, there was a strong connection
(weight = 0.80) between Physical Neglect in the psycho-
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Fig. 1. Psychological network of abuse-neglect and impulsiveness.

logical neglect group and Interfering in the abuse group.
Here, the weights represent the regularized regression co-
efficients.

3.3 Centrality Indices

Fig. 2 shows the centrality indices, with values scaled
relative to the highest value for each measure (i.e., nor-
malized). According to the four indices, Emotional Ne-
glect (H1) from the neglect category emerged as the most
important node symptom. In terms of strength, H1 (4.57)
from the neglect category and Intimidation (N2: 4.43) from
the abuse category ranked highest within their respective
groups, indicating these nodes have the strongest relation-
ships with other nodes and the greatest overall influence on
the network. Next were N2 (4.429270) and Educational Ne-
glect (H2: 4.428636). The lowest strength were seen in
Attentional Impulsiveness (C3: 1.857121). In terms of be-
tweenness and closeness, Non-planning Impulsiveness (C1:
7) from impulsiveness and H2 (0.055) from neglect symp-
toms ranked the highest, meaning they are closest to all
other nodes in the network, with C1 playing the strongest
bridging role within the network.

3.4 Stability of Centrality Indices

Fig. 3 shows the average correlations and confi-
dence intervals of network centrality indices (Betweenness,
Closeness, Strength) at different sample sizes, ranging from
100% to 30%. Each curve represents a centrality index and
its correlation with the original sample at different sampling

proportions. The CS coefficient is an important indicator
for evaluating the stability of centrality indices. A CS co-
efficient of 0.75 indicates that even when the sample is re-
duced to 25% of the original size, these centrality indices
still maintain a high correlation. All centrality indices have
a CS coefficient of 0.75, indicating that they retain high cor-
relations even when the sample size is reduced to 25%. This
demonstrates that, regardless of sample size, the estimates
of these centrality indices in the network analysis are stable
and reliable. Fig. 4 shows that the bootstrap 95% confi-
dence intervals of edge weights are relatively narrow, in-
dicating sufficient accuracy. Among the different types of
edge weights, the highest edge weights and shortest paths
were found between Emotional Neglect and Intimidation,
and between Emotional Neglect and Scolding.

4. Discussion
This study is the first to use network analysis to ex-

plore the association between impulsivity traits and differ-
ent dimensions of psychological abuse and neglect among
adolescents, providing empirical evidence to clarify the
mechanism of their relationship. The results show a sig-
nificant association between impulsivity traits in adoles-
cents and their experiences of childhood abuse and neglect,
with emotional neglect being the most prominent in the net-
work structure. Our results further demonstrate how non-
planning functions act as a mediator between emotional ne-
glect and other forms of impulsive behaviors, offering new
insights into the complex interplay between early adversity
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Fig. 2. Centrality indices of network nodes. The nodes represent distinct factors: impulsivity (C1: Non-planning Impulsiveness,
C2: Motor Impulsiveness, C3: Attentional Impulsiveness), neglect categories (H1: Emotional Neglect, H2: Educational Neglect, H3:
Physical Neglect), and abuse categories (N1: Scolding, N2: Intimidation, N3: Interference).

Fig. 3. Stability test of network centrality indices for adolescent psychological abuse-neglect and impulsivity traits.
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Fig. 4. Bootstrap confidence intervals for edges in the network.

and impulsivity. This analysis is crucial for understanding
the multifaceted nature of impulsivity and provides impor-
tant implications for both theory and clinical practice.

The present study identifies emotional neglect as the
central node in the network, exhibiting the highest inten-
sity and expected impact among all nodes. Emotional ne-
glect, characterized by the consistent failure to provide
emotional support, affection, or responsiveness, signifi-
cantly disrupts the development of effective emotion regu-
lation mechanisms. Consistent with the emotional dysreg-
ulation theory, individuals who experience emotional ne-
glect are more likely to struggle with managing their emo-
tional responses, which often results in impulsive behav-
ior [25]. From a neurobiological perspective, Braquehais
et al. [17] found that neurobiological changes observed in
individuals who had experienced childhood abuse and ne-
glect were strongly correlated with neurobiological mark-
ers of impulsivity. Specifically, emotional neglect has been

shown to disrupt the development of brain areas involved
in impulse control, particularly the prefrontal cortex (PFC).
PFC dysfunction may impair self-control and lead to in-
creased impulsivity [26,27]. This is consistent with our
findings, where emotional neglect emerged as the most ro-
bust predictor of impulsivity in adolescents, emphasizing
the importance of early emotional experiences in shaping
long-term behavioral outcomes.

Additionally, emotional neglect not only directly in-
fluences other nodes but also indirectly affects the entire
system through other nodes. The shorter path length fur-
ther strengthens the connection between emotional neglect
and the abuse nodes. This implies that emotional neglect
may quickly escalate into more harmful behaviors, such as
intimidation and scolding, thereby exacerbating the psycho-
logical distress of the victims [28]. This rapidly evolving
chain of abusive behaviors suggests that emotional neglect
is not only a distinct form of harm but also a potential cata-
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lyst for the development of other abusive behaviors [28,29].
Therefore, emotional neglect may serve as the starting point
for various psychological and behavioral issues, which un-
derscores the need for more effective prevention and inter-
vention measures to mitigate the negative impacts of these
behaviors in children.

Non-planning impulsiveness has a significantly higher
betweenness centrality than other nodes, indicating that it
serves as a critical bridge in the network. Non-planning
impulsiveness links neglect and abuse with other impulsive
behaviors, making its position in the network particularly
important. Evans et al. (2013) [30] pointed out that child-
hood experiences of abuse are significantly associated with
impulsive behaviors in adulthood, and non-planning im-
pulsiveness plays a critical role in transmitting the effects
of emotional and physical abuse to other impulsiveness.
Specifically, emotional neglect and abuse significantly in-
crease negative emotions in children, and these negative ef-
fects are manifested through non-planning impulsiveness,
making them less likely to exhibit foresight and planning
when facing stress and challenges. As a result, they are
more likely to engage in impulsive behaviors without con-
sidering the consequences. Research shows that individu-
als who lack effective strategies for coping with stress of-
ten resort to impulsive behaviors to alleviate inner unease
and anxiety. This deficiency in coping strategies further
reinforces the behavioral pattern of non-planning, making
them more prone to impulsive and irrational actions when
faced with new stressors. Non-planning impulsiveness also
involves impairments in cognitive functioning. Existing
research indicates that individuals who have experienced
severe abuse exhibit significant deficits in executive func-
tioning and decision-making abilities, which makes them
more likely to display non-planning impulsiveness when
faced with complex situations [30]. Additionally, in envi-
ronments characterized by neglect and abuse, where there
is a lack of positive behavioral guidance and support, chil-
dren may develop a pattern of using impulsive behaviors to
cope with their surroundings. This pattern is likely to be-
come consistent in the absence of correction and guidance.
Interventions targeting non-planning, such as Cognitive Be-
havioral Therapy (CBT), can help individuals improve their
emotion regulation and impulse control abilities, thereby re-
ducing the negative effects caused by childhood abuse and
neglect [31]. Further research should also focus on how to
effectively identify and treat these behavioral issues in order
to reduce the occurrence of mental health problems during
adolescence.

Limitations

First, this study used a cross-sectional design to con-
struct the network between impulsivity and psychological
abuse-neglect, revealing significant associations. However,
causal relationships cannot be determined from this design.
Future research should use a longitudinal approach to clar-

ify these causal links. Second, the pathways identified are
based on specific measurement tools—namely, the Psycho-
logical Abuse and Neglect Scale (CPANS) and the Barratt
Impulsiveness Scale (BIS-11). The findings may be influ-
enced by the constructs measured by these scales, and the
network structure could vary if a different theoretical frame-
work, such as basic emotion science, were applied. Future
studies should explore this variability by using alternative
frameworks and tools. Lastly, the study sample was lim-
ited to a local population, which may not be representative
of the broader population, potentially affecting the general-
izability of the findings. Future research should aim for a
more diverse and larger sample to enhance the robustness
and reliability of the conclusions.

5. Conclusions
This study reveals how psychological neglect and

abuse during childhood and adolescence are associated with
impulsivity traits. The findings show that emotional neglect
plays a central role not only among neglect symptoms but
alsowithin the relational network between impulsivity traits
and abuse-neglect. Additionally, non-planning impulsiv-
ity acts as a bridge between neglect/abuse and impulsivity
traits. These findings have several important implications
for clinical practice. First, when assessing and interven-
ing with children and adolescents who have experienced
abuse or neglect, clinicians should pay particular attention
to the presence of emotional neglect and its potential im-
pact on impulsive behaviors. Second, interventions can fo-
cus on improving planning and decision-making abilities in
children and adolescents, as early identification and treat-
ment of these symptoms may help mitigate the long-term
effects of impulsivity. Finally, these results highlight the
importance of implementing comprehensive interventions
in treatment, which should not only include emotional and
behavioral regulation strategies, but also address the effects
of early traumatic experiences.

By targeting these key bridging symptoms, interven-
tions can help patients more readily access emotional reg-
ulation strategies, thereby maximizing treatment outcomes.
Future research should continue to explore how different
types of abuse and neglect affect impulsivity traits and iden-
tify other potential bridging symptoms. Longitudinal stud-
ies will help clarify the causal relationships of these symp-
toms, providing a solid scientific foundation for more ef-
fective prevention and intervention strategies.
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